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Using Classification Analysis to Find
Consumers’ Most Adaptive Product Items

CHui-CHeng CHEN®

ABSTRACT

In this paper, we use consumers’ transaction datathee source data of mining. Each transaction data
contains a consumer ever bought product items w&huence. We let one consumer as the target ofngiand
use classification analysis to find the consumemisst adaptive product items from two aspects. Osédoi
consider whether product items are contained imsetion data. A method is presented to construdéasion
tree that shows whichever product items to haveoaisdion with the consumer. The consumer’s mostpe
produce items are found from the decision tree. Dhieer is to consider extra the sequences of buyimgduct
items. A method is presented to construct a decistoee that shows whichever product items to have
sequential association with the consumer. The corests most adaptive produce items with sequence are
found from the decision tree. We design and constra mining system to find consumers’ most adaptive

product items according to the above methods.

Keywords: transaction data, classification analysis, sequence
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